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Case Study:  Research, product, service & content design for a machine-
learning (ML) garment size recommendation utility (2019)

FIT ANALYTICS (SNAP INC.)



Fit Analytics is a retail tech company that utilizes AI and machine-learning 

(ML) to help retailers reduce purchase return costs by guiding online 

shoppers to find the correct garment size via AI-driven recommendations. 

 

In time, the company rebranded as SNAP INC AR Enterprise Services 

(ARES) after being acquired by SNAP INC.  However as of April 2023, 

Fit Analytics demerged from SNAP INC and continued operating 

independently.

 

Over 250 global top apparel companies use Fit Analytics / SNAP INC 

ARES solutions to boost conversions, help buyers find the right garment 

fit, and reduce returns.  Brands include Oak + Fort, Princess Polly, ASOS, 

Helly Hansen, Puma, Patagonia, Simons, and Hugo Boss among others. 

Links:  
https://fitanalytics.com

https://ares.snap.com

Locations:  Berlin (DE), Chicago (IL, US)

ARES AR Mirrors

Fit Finder at Amaro (BR) used on a touchpad in-stores 
to reduce fitting room queues

https://www.fitanalytics.com/case-studies
https://www.fitanalytics.com/case-studies


The project involved continuous coordination 
with stakeholders and teams comprising:

•	 CTO

•	 Data scientists

•	 ML Engineers 

•	 Design director

•	 Head of engineering

•	 Developers

•	 QA

•	 SME

Team

Mark & Spencer (M&S), a client that leveraged Fit Analytics’ ‘Fit Finder’  
(a garment size recommendation tool), required a solution tailored to 

reduce returns for the bra garment.  Shoppers often face uncertainties 

when buying this garment online notably due to size and fitting 

variations between brands.  

Challenge

As the first Designer and Researcher at Fit Analytics I was responsible to 

manage and delivery this project timely.  More importantly, Fit Analytics 

back then was unfamiliar with UX research practices and the reliance 

on subject-matter experts.  Thus, the goals consisting in the following:

•	 Delivering a concept design by leveraging research, data, 

design best practices, and machine-learning while adhering to 

requirements (business, client).

•	 Taking advantage of the competitive landscape.

•	 Demonstrate stakeholders the benefits UX research and the 

reliance on subject-matter experts add to the value proposition.

Goals

Product, Service & Content Designer, User 
Researcher, Project Management

Role

9 months (2019 - 2020)

Timeline



PRODUCT OVERVIEW
How it works...

Image placeholder



Responsibilities

•	 Project management

•	 Research and discovery

•	 Competitive benchmarking

•	 Recruiting a subject-matter expert

•	 Workshops and facilitation with data scientists and ML engineers

•	 Content design and data annotation

•	 Design (concept, service) and deliverables 

•	 Experiment design and evaluation

•	 Accessibility audit (Level AA)

In summary, key responsibilities included:



Steps

Discovery

Ideation & content strategy

Concept design, data annotation & rationale

Experiment design & evaluation

Results

Reflection & conclusion

01.

02.

03.

04.

05. 

06.



Discovery 1



Given the project’s uniqueness and challenges, it was imperative 

to run an investigation to get a general understanding about:

•	 The garment dynamics (e.g., categories, built, material)

•	 Factors influencing purchasing-decisions

•	 Competing solutions in the market 

This discovery phase enabled me to determine the most suitable 

methods for both the generative and iterative research stages, 

paving the way for developing preliminary design concepts.

Discovery

I benchmarked the only two competitors in the market being 

True Fit and ThirdLove.  An in-depth competitive-comparative 

evaluation and a SWOT analysis was performed resulting in a . 

This analysis provided a comprehensive overview of:

•	 How recommendation systems work

•	 Features and functions 

•	 Content design

Competitive-benchmarking
Thirdlove

True Fit



Both competing solutions were carefully assessed.  The process involved reviewing both solutions screen by screen, question by question, and 
feature by feature to learn about their strengths and weaknesses.

TRUE FIT (COMPETITOR 1) THIRD LOVE (COMPETITOR 2)

SCREEN QUESTIONS & ANSWERS SCREEN QUESTIONS & ANSWERS

Brand & size Size charts by country, Band size, Cup 
size, Brand selection (inc. search bar) Brand & size (of your everyday bra) 3 visual options for:  Band size, Cup size, 

& Brand

Bra style & coverage 3 visuals given for: low, medium, and full 
coverage How old is the bra? Less than 6 months, 6-12 months, 1-2 

years, more than 2 years

Cups fit 3 visuals given for:  Gaps, Right fit, & 
Overflows Cups fit

5 visuals given for:  Gaps (a lot), Gaps (a 
little), Right fit, Overflow (a little), & Over-
flow (a lot)

Band fit 3 visuals given for: Digs in, Right fit, & 
Rides up Band fit 3 visuals given for: Band rides up, Band 

too tight, & Band is comfortable

Bra age 2 options:  Less than a year, One year 
older Hook 3 visuals given for: Tight hook, Middle 

hook, & Loose hook

Describe breast shapes 3 options:  Shallow, Average, & Full Straps fit 3 visuals given for: Digs in, Slips, & Straps 
fit in

Preferences 4 options:  Wire-free, Unlined 
(no padding), & None of the above

Do you always wear this bra 
(tentative size already proposed by 
the utility)

Yes always, or, No sometimes different 
size

Tell us a bit about yourself

I am on my feet all day
I sit at a desk most of the day
I care more about how a bra looks than 
how it feels

What other size do you sometimes 
wear (this shows up if user selects 
‘no’ on previous screen)

Band size, Cup size, & Brand

COMPETITIVE BENCHMARKING



Participant Observations

Ten female participants (n=10) were randomly recruited to understand the 

challenges they encounter while shopping online, for instance:

•	 Factors influencing their purchasing decisions, using the ‘master-

apprentice’ approach and think-aloud techniques

•	 Pain points that undermine the purchasing decision process

For ethical reasons, I involved a female colleague to handle gender-specific 
questions throughout the interviews and observations. 

N.B.  A pilot study was conducted before running these sessions to see if this 
research setup makes sense.

Participants’ sample by age

Participants’ category

After running an inductive thematic analysis, I observed that:

Notable Findings

The discoveries were translated into presentable charts, personas, empathy maps, 

experience maps, and service-centric deliverables (next pages) so these could guide 

us in making informed decisions throughout the design and development stages.

1.	 “Participants prefer shopping via brick-and-mortar stores to ensure they 
get the right garment in terms of size, pricing and quality” 

2.	 “Participants devote time reading buyer reviews, while comparing 
garments alongside specifications side by side”

3.	 “Contrastingly, participants are confident buying brands already 
acquainted with” 



I created several customer journey maps to outline the entire process buyers go through to achieve their goal of finding the perfect garment in terms of size, style, fit, material, 

quality, and price. These maps were based on behaviors observed using the ‘master-apprentice’ approach, which involved watching how users search for suitable garments.



Various empathy maps were established to gain a deeper insight into the users (personas) and their way of thinking 
before obtaining the garment.  

Examples of a primary & secondary persona

STEPS P1 P2 P3 P4 P5 P6 P7 P8 P9 P10

Visiting a bra retail website of own choice • • • • • • • • • •
Browsing product catalog extensively • • • • • • • • • •
Visiting & browsing other retailers’ websites • • • • • •
Opening various garment detail pages in separate browser tabs • • • • • •
Comparing 2+ garments next to each other (in separate tabs) • • • • • • •
Reading garment specifications • • • • • • • • • •
Zooming garment photos • • • • • • •
Reading about model wearing garment (e.g. height, weight) • • • • • • •
Reading buyer reviews • • • • • •
Matching garment price with quality • • • • • • • • • •
Checking for available discounts • • •
Checking delivery costs • • • • • •
Checking return policy • • • • • • • •
Bookmarking 1 or more product pages • • • •
Hesitation before adding to basket or checking out • • • • • • • • •

MASTER-APPRENTICE APPROACH - Reported observations & patterns

MASTER-APPRENTICE - Reported participants’ hesitation towards bra online shopping

SUB-THEME ISSUE RANK *

DISAPPOINTMENT Wrong size, fit or style 9

DISAPPOINTMENT Poor quality (not worth the price) 9

DISAPPOINTMENT Garment different from photos 7

LOGISTICS No returns allowed / buyer must pay shipping for returns (subject to location) 5

LOGISTICS Slow shipping (subject to participants’ location) 3

ERROR Retailer sent wrong item 3

* RANK: how many participants expressed similar concerns 

A journey highlighting physical and digital touchpoints influencing the participants’ decision process 
pre- and post-purchase. 



A service blueprint was created 

to tackle complex scenarios and 

touchpoints, illustrating how our 

product integrates into these 

contexts. This blueprint helped 

identify:

 

i) pain points associated with each 

touchpoint, and 

ii) the relationships between service 

components, people, and processes.

A business proposition canvas to identify actors, activities, costs, revenues, etc., to help us solidifying 
the value proposition for this novel product. 

After coding the findings, a value proposition canvas was created so to identify the product and the 
service value into discrete parts.



Ideation & 
Content Strategy 2



2 Process

The subject-matter expert & 2 data scientists

I teamed up with data scientists, QA, the design director, and the subject-matter 

expert (whom I recruited) to brainstorm and define:

•	 The user data types required by the machine learning algorithm to learn and 

then generate accurate garment size recommendations.

•	 The key questions we needed to incorporate into the product’s UI to effectively 

gather information from users before providing tailored recommendations.

At its core, the success of the ML algorithm depends on diverse datasets, including 

human body measurements, garment styles, and brand-specific details, allowing 

it to learn and produce highly accurate sizing recommendations.

While employing a user-centered design (UCD) approach is standard in our 

practice, data scientists and ML engineers had requirements that challenge 

traditional UX due to the distinct nature of AI and ML technologies.  Adopting 

a pragmatic approach, we utilized a ‘data-scientist-centric’ method to align 

business, ML, and user requirements. This strategy streamlined the large language 

model (LLM) training process, ensuring the delivery of accurate recommendations 

to customers efficiently.

SIDE NOTE:



Drafting a happy path (flow)

Card sorting (arranging UI content in a logical sequence)

Content design 
& data annotation

Together, we identified the data and information we required  

from the buyers (users) so to ensure the product’s algorithm 

generates accurate garment size recommendations. 

We then translated these data types into a set of jargon-

free questions. To enhance the user experience, we ran a 

card sorting exercise to arrange the questions into a logical 

sequence that makes sense from a user / conversational 

standpoint. 

Lastly, we established 3 happy paths (flows) based on the 

most sought use cases (according to data), being: ‘everyday 

use,’ ‘special occasions,’ and ‘sports.’



Content design for 1 (out of 3) happy path by garment category

Plotting the ML model logic & data annotation

CONTENT DESIGN & DATA ANNOTATION



Machine-learning recommendation systems operate with minimal human intervention (Human on the Loop, HOTL). Consequently, 

language models must be meticulously trained to provide accurate recommendations for buyers. Partnering with data scientists and ML 

engineers was essential to ensure the project’s success.

Understanding ML recommendation systems
FOR CONTEXT ONLY
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Design

Initial low-fidelity concepts were created for 3 

established happy-paths (flows) being: everyday 

use, special occasions, and sports usage. 

 

Following a peer review involving developers, data 

scientists, QA, and the subject-matter expert, these 

concepts were refined into high-fidelity designs 

and a prototype. 

 

These were presented to key stakeholders for final 

feedback and approval.

Selected UI designs



Various UI for the mobile viewport



Design Rationale

The UI design for the new product (bra finder) is modeled after 

Fit Finder, the parent product tailored for upper-, and lower-body 

garment sizes. We adopted its structure for several reasons: 

•	 Visual & structural consistency across products

•	 Rigorous testing – Previous discoveries by third-party agencies 

consistently shown Fit Finder to be intuitive and user-friendly.

•	 Competitive analysis – A competitive study where 15 participants 

tested 3 competing solutions revealed a strong preference for Fit 

Finder.

•	 SUS & NPS scores – Past survey studies yielded a high perceived 

ease of use and usability scores along with a moderately high Net 

Promoter (NPS) score for Fit Finder.

Fit Finder live on OAK+FORT
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Evaluation

Lastly, I recruited 14 participants (n=14) spanning various age 

groups to validate the product. This sample included:

•	 Seven participants (n=7) who had previously engaged in the 

discovery phase. They were invited back to confirm that their 

expectations were fulfilled.

•	 Seven participants (n=7) who were new to sizing 

recommendation tools, selected to gather unbiased insights.

Participants’ sample by age group

This evaluation aimed at assessing the:

•	 Overall perception towards Bra Finder

•	 Understandability and learnability

•	 Perceived relevance

•	 Journey length (via a task completion assessment)

•	 Design and structure quality



Experiment design

(n=7)
Participants exposed to competing solutions (True Fit, 

Third Love) during the discovery phase

2 Everyday, Sport, Special Occasion

2 Special Occasion, Sport, Everyday

2 Sport, Special Occasion, Everyday

1 Special Occasion, Everyday, Sport
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GROUP 1

(n=7)
Participants who never tried garment size 

recommendation tools

2 Everyday, Sport, Special Occasion

2 Special Occasion, Sport, Everyday

2 Sport, Special Occasion, Everyday

1 Special Occasion, Everyday, Sport
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Test sequencen

GROUP 2

Considering the diversity within these samples, I opted for a ‘within-
subjects’ experimental design for the validation process. This choice arose 

from my interest in examining potential differences between participants 

who had experience with similar (competing) tools and those who had no 

prior exposure to such solutions.

Setup

The evaluation setup with each participant consisted in:

•	 Semi-structured interviews

•	 Three task-based scenarios based on the 3 established flows coupled 

with think-aloud protocols

•	 A survey study via a questionnaire we devised to assess journey 

length and the questions’ relevance

•	 Concluding discussion (i.e., impression, opinion, & final thoughts)

Two participant groups arranged for the 
‘within-subjects’ experiment
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Results

Participants reported a positive experience with Bra Finder, 

highlighting its user interface (UI), content quality, ease 

of use, learnability, and the usefulness of its size and fit 

recommendations. 

 

The seven participants involved in the discovery phase 

confirmed that their needs were effectively addressed. 

 

Several participants recognized us as ‘experts,’ particularly 

acknowledging our attention to gender-related requirements, 

which underscored the value of involving a subject matter 

expert. 

 

Lastly, no discernible differences were observed between the 

two groups of participants. 

 

 

Overall attitude towards Bra Finder5



6Perceived questions relevance

Participants found the questions highly 

relevant to the purpose to obtain accurate 

size recommendations.  Several participants 

described the quality of questions as ‘spot on’ 

and ‘meticulous.’

Perceived relevance

Task ompletion rates measured in minutes

Participants were administered three task-based scenarios (i.e., 

finding a garment while using the bra finder).   

Given our concerns regarding the journey length, I measured the 

‘time on task’ and ‘time to first success’ for each scenario to obtain 

an indication on how long it would take for the user to generate 

recommendations.  

Using the ‘retrospective’ think-aloud protocol, participants were 

asked to verbalize experiences after completing each task.  I used 

this method to prevent distortions on the quantitative findings. 

Participants took longer to complete the first task, however they 

completed subsequent tasks faster, suggesting that users would 

spend less time using the product after an initial exposure. 

Journey length



6 Reflection

The main achievements and lessons learned from this project 
revolved around: i) effectively demonstrating to stakeholders 
the value of UX research and the importance of leveraging 
subject-matter experts to enhance the value proposition; and 
ii) gaining extensive insights into machine learning, facilitated 
by the collaboration with exceptional data scientists and ML 
engineers.

The product was launched on the M&S UK website in 2019, 
resulting in a notable rise in online purchases and a decrease 
in returns by approximately 85%, according to client reports. 
 
Around May 2023, M&S transitioned to a competing solution 
after Fit Analytics was acquired by Snap Inc. However, it was 
observed that the competing solution closely resembled the 
model originally developed by Fit Analytics.

Below is a link to the Adobe XD prototype (managed by Fit 
Analytics):

https://xd.adobe.com/view/2c2b6453-3e1b-4520-7188-
630f13ff96a3-5a1a/screen/00409e44-8747-4367-8098-
69447fb9bd1c

Conclusion

https://xd.adobe.com/view/2c2b6453-3e1b-4520-7188-630f13ff96a3-5a1a/screen/00409e44-8747-4367-8098-69447fb9bd1c
https://xd.adobe.com/view/2c2b6453-3e1b-4520-7188-630f13ff96a3-5a1a/screen/00409e44-8747-4367-8098-69447fb9bd1c
https://xd.adobe.com/view/2c2b6453-3e1b-4520-7188-630f13ff96a3-5a1a/screen/00409e44-8747-4367-8098-69447fb9bd1c

